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[3]. Characterization of two types of set-relation in set optimization
*Ziaul MD Huq (¥ri8 K KFBt), Tamaki Tanaka (FiimK%)

For comparisons of sets, certain types of binary relations, called “set-relations, are considered
as natural criteria to represent relative superiority or inferiority of sets, which are a key concept
in the area of set optimization. In 1997, Kuroiwa, Tanaka, and Ha defined six kinds of clas-
sification for relationships of sets. In 2021, Jahn characterized one of them by certain sup-inf
problems. This type problem plays an important role in set inequality based on the well-known
set less order relation which was introduced by Young and named by Chiriaev/Walster. In
this talk, we apply Jahn’s approach to another set-relation and characterize its optimality by
considering certain inf-sup problems instead of sup-inf problems.

[4]. Multi-criteria evaluation for intuitionistic fuzzy sets based on set-relations
*PLATIL LONGRIO CHriRZ#ARZBe), Hd B CHrikRF)

The necessity to deal with imprecision in real world problems has been a long-term research
challenge that has originated different extensions of fuzzy sets, intuitionistic fuzzy sets being
one of them. On the other hand, Kuroiwa, Tanaka, and Ha proposed six types of set relations
using a vector ordering by a convex cone. In this talk, comparison of two intuitionistic fuzzy
sets is focused. From the viewpoint of set optimization, eight types of intuitionistic fuzzy set
relations based on set relations are proposed as a new comparison criteria of intuitionistic fuzzy
sets.
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[11]. Project Risk Modeling and Management with Learned Bayesian Networks
*Duvan Camilo DAVID HIGUITA (CRILRZFKRZPE) , oKk B— (GRILKRF)

Projects are unpredictable due to their unique nature, making time overruns common.
Bayesian networks (BNs) are a promising tool to model the complex relationships between
a project ~ s characteristics and risks, helping in the planning and management of projects.
However, in the field of project management, BNs are mainly based on the subjective opinions
of experts. We present a methodology for learning and using BNs based on a novel approach
to bootstrapping, and validate it using data from 87 projects. We show that the learned model
can predict the chance and magnitude of an overrun with high accuracy, as well as provide

information relevant for the management of risks.
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